This paper evaluates the impact of beauty, gender, and nationality on employability on Italian labor market. We propose a field experiment that consists in sending 9680 curricula vitae to firms looking for employees. We use binary probit to investigate the influence of discrimination on the probability of a candidate to be called for a job interview; considering firms' responses, we estimated our model using a sample of 7184 observations. Comparing differences between the response rates to unattractive candidates and to foreign candidates, we show that the discrimination in the Italian labor market is based on both attractiveness and country of origin.
Introduction
In 2006, ABC channel started a new TV series called "Ugly Betty", which ironically explored the impact of concepts such as beauty, class, race, and sex on employability of job searchers. The series won several awards because it represents a possible way to shed the light on several kinds of discriminations in everyday life. Betty Suarez is an unattractive 22-year-old Mexican American women. She lands a job at Mode, a trendy, high fashion magazine in Manhattan. The series thereby examines all the possible discrimination concerning gender, attractiveness, and race in the labor market. The success of the series reflects the attention paid to discrimination issues in the USA.
ates, we show that the discrimination in the Italian labor market is based on attractiveness and the country of origin.
The paper is organized as follows: in section 2 we describe the data used in the empirical analysis, while section 3 focusses on the statistical methodology we apply. In section 4 we present the main empirical results and section 5 concludes.
Experimental design
The field experiment we propose consists in sending 9680 CVs, based on the European format 2 and structure, to 1210 firms looking for employees. All of the CVs were sent in the period between September 2011 and August 2012. During this period, we regularly scrutinized job postings on all the main online job service websites 3 offering positions in Italy. We chose only the websites that require no registration in order to prevent firms to detect that CVs in question were fictitious. The same 4 CV was sent to the same company eight times: four CVs with different applicants photos, and four without photos 5 . The photos in the CVs were representig attractive and unattractive Italian women, and attractive and unattractive Italian men respectively. A CV containing no photo of an Italian and an African (in terms of name and origin) was sent to each firm for both genders.
Thus, each employer received 8 CVs from 4 females and 4 males, of 28 years old each one, living in Rome, and with exactly the characteristics required for the job. We randomly matched first name, surname and photos. In choosing the pictures to be included in the resumes, we selected 20 male and 20 female photographs from the internet, modified in order to make them unrecognizable. All faces used in the photos were caucasian smiling individuals; thus we eliminate the racial preferences. One hundred students (50 women and 50 men) from the University of Messina were asked to score CVs photos on a scale from 1 to 10. We summed the score obtained by each photo, and identified unattractive/attractive males and females as those obtaining the lowest/highest scores. In order to test the robustness of the ranking, we calculated how many students assigned the maximum to the most attractive male and female photos. The inverse procedure was followed for the less attractive photos.
Overall, 85% of the students agreed on the most attractive man and 93% on the least attractive, 90% agreed on the most attractive woman and 95% on the least attractive. We are therefore confident that subjectivity can be excluded from the choice. Moreover, on a scale from 1 to 1000, most attractive candidates obtained over 850 points, while less attractive ones less than 250 (see Table 1 in the Appendix).
[ Table 1 about here]
Unlike the procedure applied by Rooth (2009), once we made the association between names, surnames, address and photos, we did not change it for all the experiment. In other words, once we associated these attributes, we maintained consistency in the application, since we could not exclude the same vacancy to be present in several of the web search engines posting job offers. Moreover, whatever is the distortion produced, it will affect each job offer in the same way 6 . In order to minimize the effects of differences in names influencing our results, we chose the most common first names and surnames in Rome, home to the eight fictitious applicants 7 . As regards names, surnames and addresses of the fictitious foreign candidates, we applied the same procedure. Since we wanted to evaluate the impact of race and nationality on the probability of obtaining a job interview, we chose the most common non-white nationality of immigrants in Italy, which is Moroccan. As in Morocco the most common names (one male and one female) are Mohammed and Fatima and surnames are Elalawe and Benkeran, we chose them for our fictitious foreign candidates. We created eight Gmail-Google accounts, one for each fictitious individual, to collect employer responses and we included this email address in the CV as contact information 8 .
[ Table 2 about here] Thus, our design strategy allows us to examine whether there is a preference for attractive and/or Italian candidates, and whether this preference interacts with the applicant's gender.
In all, 11008 CVs were prepared to be sent in response to 1542 advertised job postings. In order to make an accurate analysis regarding gender discrimination, we dropped the CVs sent to job opened exclusively to female or male workers 9 . Applications from female (male) workers were invited by 127 (205) firms, and 508 (820) CVs were sent to them, each firm receiving only four CVs per vacancy. Thus, 9680 CVs sent to 1210 firms remained for the analysis and they form the entire sample. Finally, to avoid matching problems and to be competitive with respect to other applicants, for each different job offered we add, to each association already made (name, surname, address and photo), the characteristics (i.e. education, work experience, language and computer skills) which completely fulfill the skills required by the firms. Basically, we customized the CVs sent for responding to each job posting. Using this procedure, we thus sent eight CVs, identical in every respect except name, surname, nationality and photo (or lack thereof). In this way, we intended to polarize the results focussing on the effect of attractiveness and gender, regardless to other differences in candidate's profile.
The only other difference in the CVs sent are font and font size as in Rooth (2009). Thus, all applicants for the same vacancy had the same characteristics in terms of age (28 years old), education 10 , and amount of work experience. The design of our experiment, as previously illustrated by Ruffle and Shtudiner (2010) and Lopez Bóo, Rossi and Urzua (2013), gave us complete control over candidates' backgrounds. Indeed, our applicants were very similar in every respect for each kind of job offer. This methodology ensures that perceived productivity characteristics on the supply side are held constant. Gender, nationality and pictures (or lack thereof) were the only items which changed among different CVs sent in response to the same job offer. Photos are differentiated with respect to a constant rank of attractiveness 11 .
Therefore, differences between candidates only concern gender, nationality, photo and attractiveness. The degree of differential treatment can be noticed from the different number of callbacks for a job interview.
Responses were classified as callbacks if the employer requested an applicant to contact them, not just for clarification. To minimize inconvenience to the employer, we promptly declined via email the invitations for interview, telling to employers that the applicant had accepted another position and was no longer looking for employment. Table 3 summarizes the characteristics of job openings in our dataset. The abbreviations in brackets are those that will be used in the analysis below. The sample was equally divided into CVs which include photos of an attractive (variable A) and an unattractive (U) person, CVs including no photo of an Italian and a foreigner (F), and CVs for men (M) and for women (W).
[ Table 3 about here]
The data collected with this method gave us the opportunity to explore the effect of a picture and its attractiveness (or lack thereof) on the likelihood of being invited for a job interview. Moreover, sending CVs with no photos allowed us to consider as a benchmark the Italian individuals with no information on their attractiveness and to control for racial discrimination. Finally, our design strategy of sending fictitious CVs which exactly meet the firms' requirements allowed us to eliminate matching problems as a possible explanation for the difference in the rate of response.
Being aware that beauty might be relevant and contribute to worker productivity in some of the fields involved in the advertised job postings, we decided to divide job positions into front-and back-office tasks. Thus, we classified all job openings according to whether the position involves face-to-face (FO) contact with the public. In particular, we classified as front office jobs those which either explicitly stated that the job required face-to-face contact with people, or where such contact could be unequivocally inferred from the job advertisement. Otherwise, the job is classified as back office. We then included in the first category, for instance, jobs belonging to fields like sales and customer service. By contrast, we decided to include in the back-office category jobs like accounts management, budgeting, industrial engineering, and computer programming.
While 39.59% of the job openings in our sample are positions that involve face-to-face contact, the remaining are job positions which do not require any kind of direct contact in person with the customer. Another distinction that we made was between jobs for which physical strength is required (13.47% of our observations), and jobs for which it is not required. As for front and back office jobs, we classified as hard work either jobs for which physical strength is explicitly required, or those for which it may be unequivocally inferred. Otherwise, they are classified as jobs which do not imply hard work.
The last characteristics that we considered in the analysis are the qualifications required and the functions offered. As regards the former, 27.52% of our sample of job offers required no qualification, 44.30% required a high school diploma (High), and the remaining a university degree (Grad). In terms of functions offered, managers accounted for 5.62% of job offers, professionals posts for 9.09%, technical jobs 40.17%, clerical jobs 13.88%, commercial posts 14.88%, skilled workers 5.79% and elementary occupation 4.05% (Based on International Standard Classification of Occupations -ISCO).
In Table 3 the distribution of call back rates is presented. In respect to attractiveness, it emerges that attractive Italian people have much higher call back rates (almost 50%) than unattractive ones (13.51%) and Italians with no photo (37.98%). Also racial discrimination appears to be significant. Furthermore, markedly lower callback rates are associated to foreign candidates (10.62%). According to gender classification, men get 28.93% of callbacks, while women 27.09%.
Regarding front and back office classification, we obtained 28.90% for those entailing back office work and 26.64% for those involving front office work. With respect to hard and "soft" jobs, 26.38% is the callback rate for jobs involving hard work, and 38.42% for those not entailing hard work.
In terms of qualifications required, we obtained the highest callback rates for jobs which do not require any qualification (33.60%), while jobs for graduate candidates obtained 27.71% and jobs for high school diploma candidates obtained about 23% (see Table  3 ).
In terms of the ISCO classification of jobs, we have about 37% for elementary occupations, 26.49% for wire workers, 45.71% for craftsmen and skilled workers, and definitely lower callback rates for managers (about 16%), and scientific and intellectual professions (about 26%).
The correlation between job characteristics and classification is shown in Table 4 . The matrix shows that, while graduate jobs are strongly positively correlated to executive and specialized jobs, they are negatively correlated to sales, front office and hard work. On the other hand, high school jobs are strongly positively correlated to technical and front office jobs and negatively correlated to unskilled and hard work. Obviously, vacancies requiring high school qualifications are strongly negatively correlated to those requiring university degrees. Front office jobs are highly positively correlated to sales staff, and finally hard work is strongly positively correlated to service work, workmen and to unskilled work and negatively correlated to technical jobs.
[ Table 4 about here]
Data and methodology
In order to inquire which are the principal components influencing the probability of obtaining a job interview, we performed a probit analysis. As our goal was to obtain as many responses as possible from employers, we included in the CVs all the characteristics required by the advertised job postings. Moreover, we add to the CVs the qualifications required so that the applicants would not be perceived as over-qualified. As we sent identical CVs to each advertised job posting, differences in response rates between candidates can only be due to different pictures or lack thereof.
Throughout our analysis, the dependent variable is the dichotomic variable RESP, that represents the employers responses; it is equal to 1 if the employer emailed the applicant to invite him/her for an interview and 0 if the email was not initiated. Since 312 firms does not replay at any CV, we exclude these firms from the sample and we use for estimation N = 7184 observations. Therefore, we perform four linear probit models where the probability of receiving an email with the invitation for an interview is estimated via the equation
where i = 1, 2, . . . , N and Φ(·) is the cumulative density function of a normal distribution; in the more general setup, the vector containing the covariates is partitioned as follows
and the related parameters vector is
Focussing on the regressors included in the row vector z i , the partition r i is a set of regional dummies in which each variable takes the value 1 if the job vacancy comes from a given Italian region and 0 otherwise. The sub vectors d i and c i include the job classification dummies and the job characteristic dummies respectively; the variables included in former group account for seven job sectors (Managers i , Professionals i , Clerical i , Sales i , Skilled i , Elementary i and Technicians i ), while the latter group concerns the job type (variable FO i for front office and variable HW i for hard work) and the education level (variable High i for high school diploma and variable Grad i for graduation). Among the set of control, the partition e i represents the job advertisement effects (see, for instance, Riach and Rich, 2002) . Obviously the scalar variables A i , U i and F i are dummy variables for the attributes already defined in section 2. In this context, the parameters γ A , γ U and γ F are crucial because they measure the difference between the applicant's feature of being attractive, unattractive or foreign (with no photo) and the benchmark applicant. In our model the benchmark individual is Italian and applies for a technical job offer in Lazio (whose capital is Rome), sending a CV with no photo attached and using the web service Open Job. No other special characteristics are required by companies from him/her. Consequently, in our estimation we dropped variables Technicians i and OpenJob i from the partitions d i and e i respectively. All the estimated parameters measure the differences from such representative individual.
Finally, x i is the interaction vector between the beauty attributes A i , U i and F i and the job characteristics (d i ) and/or the job classification (c i ).
The model in equation (1) does not take into account potential gender discriminations, thus we also genderify the regressors by defining w i = W i z i and m i = M i z i , where W i is a scalar dummy variable for women and M i is a scalar dummy variable for men. The genderified model is
This specification is useful to carry out a battery of Wald tests on the null hypothesis of no gender discrimination given by the equality
for each j = 1, 2, . . . , k, where k is the size of γ w and γ m . It is worth noting that "genderification" has the same parameters of two separate estimations for women and for men, therefore we can consider the complete covariance matrix to perform the test.
Empirical results
The analysis we performed consists of four linear probability models for the dependent variable RESP. Following equations (1) and (2), for each Model 1, 2, 3 and 4 we estimate the probit twice, before and after the genderification. The genderified version is accompanied by the Wald tests on the hypothesis (3), which have been conducted parameter by parameter.
All the estimation results are summarized in Table 5 in the Appendix, together with some measures to evaluate the goodness of each model specification. In particular, we provide the condition number, in order to control the degree of collinearity among a large number of regressors, the Akaike, Bayesian and Hannan-Quinn information criteria (IC) in order to determine which specification best fits the data, the McFadden R 2 and the correct prediction percentages in order to evaluate the models' goodness of fit. Moreover, we carried out a normality test on the model residuals and a likelihood ratio tests (LR) for the null hypothesis of no job advertisement effects.
In the Model 1 we do not consider any interaction (hence x i = 0). In the Model 2 we interact beauty attributes (A, U, F) with job characteristics (FO, HW, Grad, High), with no consideration of job classification (hence d i = 0), while in Model 3 beauty is interacted with job classification (Managers, Professionals, Clerical, Sales, Skilled, Elementary), without considering job characteristics (c i = 0). Finally, in Model 4 we consider all the regressors used in the previous three specifications. In Models 3 and 4 we found that P r(RESP = 0|Managers_F_M = 1) = 1 and P r(RESP = 0|Managers_U_W = 1) = 1, therefore the variables calculated as the cross product between the managerial job position with foreign man and ugly woman have been dropped from estimation.
The results seem robust since they do not change substantially among models. As we expect, all the regression statistics at the end of Table 5 indicate that Model 4, in which the number of regressors is the largest, provides the best prediction and performance, while Model 1 seems to be the worse specification. The condition number always indicates that the explanatory variables are not collinear; the only exception is the genderized Model 4 that contains 132 paremeters, but the value of 30.5568 is close to the critical value 30.
All the estimated models do not account for the job advertisement effects since all the related variables have been dropped; this model specification seems better because the values of all information criteria diminish and, at the same time, the McFadden R 2 has small positive and often negative increments. Moreover, the parameters associated to the various online job service websites are not statistically significant, with the only exception of Adecco and Kijiji, which are the most used in Italy. That is why the exclusion of these variables does not produce any relavant effect on the final results. Conversely, the exclusion of the job advertisement effects has a negative impact on the number of correct predictions, especially for the genderized models 12 , but the loss is always less than 1% of the sample size. Furthermore, the LR test strongly rejects the null hypothesis of no job adverstisement effects for the genderized models, while the p-values related to the non genderized models lie between 1.3% and 2.62%. In this context, the non genderized Model 1 represents the exception because the null is not rejected, while in the genderized model the p-value of 3.36% is the maximum available. Finally, the normality test for residuals does not reject the null only for Models 2 and 3.
The estimation results highlight that firms have different callback rates in each region, but the majority of the coefficients associated to regions are not statistically significant. Callback rates differ by gender only in four regions. In particular, observing the Wald tests, the probability of being called back is always higher for men in Aosta Valley, Trentino Alto Adige, Tuscany and Calabria. This situation is confirmed for Umbria in Models 3 and 4. The regional distribution of callbacks does not reveal any relevant dualism between North and South of Italy in terms of gender discrimination.
The gender discrimination emerges for job classification and job characteristics. On the one hand, there is a strong evidence that the probability of being called back is higher for women for managerial, clerical, sale and service job positions, while men are preferred for professional and skilled activities. On the other hand, gender discrimination acts in favour of women for front office jobs, while we observe a significant positive impact on the probability of callback for hard works in Model 1 (the one without the interaction variables) when the applicant is a male. Surprisingly, in our estimates the graduation does not play any role and there is no gender discrimination between graduated people, while the possession of a high school diploma produces a discrimination in favour of women.
Observing the beauty premium provided by the parameters γ A , attractive people seem to have a higher chance of being contacted by the firms. In other words, being good looking seems to be a prerequisite for obtaining a job in Italy. These results are in line with those obtained by Garner-Moyer (2010) in France. In this respect, the author showed a major difference in callback rates to job interview between attractive (42%) and unattractive (16%) candidates during the first stages of the hiring process. Unsurprisingly, the beauty premium seems to be definitely more relevant to women than to men. Since γ U < 0, there is a cost of unattractiveness: the callback rate is lower for unattractive people, and such a cost is higher for women. In Model 4, variables attractiveness and ugliness have an impact on the dependent variable only when they interact with the job types and job characteristics. Furthermore, the estimated negative values of γ F highlight that foreigners experience a lower callback rate than that of Italian people. In this case, foreign women are contacted more than foreign men.
As regards the interactions, we found that variables A, U and F play a relevant role. Comparing the effects of interaction of beauty with job classifications, in both Models 3 and 4 the results are similar. In particular, attractiveness gives aspiring executives, clerical and sales staff an advantage, while it seems to have opposite effects in the other types of jobs. All the Wald tests highlight that there are no gender discriminations in presence of beauty in this context. Being ugly or stranger is a penalty especially for clerical jobs, and has a positive impact on RESP when the associated job is elementary. All the statistically relevant gender discriminations are in favour of men, with the exception of sales for which employability is higher for foreign women than for foreign men.
As expected, attractiveness provides a beauty premium for front office work and reduces the callback rate for hard work. Such a cost is higher for women. On the other hand, for graduates and high school leavers, the beauy premium is higher for women, but it is not relevant in general when the differences in gender are not considered. This suggests that women and men have different job opportunities that depend on beauty. Symmetrically, unattractiveness is a cost in terms of job-seeking, and this cost is higher for front office tasks and for women, while it seems to be an advantage for hard work, in particular for men. For foreign candidates, the more important result is that the probability of receiving a callback is higher when a male candidate applies for hard works. Table 6 contains the estimated probabilities of receiving a callback obtained by using our genderized models. In this case, the benchmark individual is an applicant living in Rome, who sent a CV with no photo, with no particular level of education explicitly required, applying for a back office job or a job not entailing hard work. The table shows that the four models provide the same information; sometimes such information can be remarkably different for Model 4, because the regressors contain all the cross products. In general, the probability of being called back for an interview is higher for men applicants, except some peculiar cases, and this is a clear signal that some gender discrimination affects the job market in Italy. Women are preferred especially for clerical jobs and services. Beauty is a very important attribute because it augments the estimated percentages of being called back for both females and males. Only in Models 3 and 4 attractiveness seems to be a penalty for women when they apply for elementary jobs or services, but it always represents a premium for men. The impact of attractiveness is high for female graduates, where a callback probability increases by 20% (Models 1 and 4) if the CV includes the photo of an attractive woman. On the contrary, if the photo is of an unattractive woman, the probability for graduates dramatically diminish. It is worth noting that a female foreign graduate has more chance of receiving a callback. For graduated men, the impact of attractiveness exists but it is less pronounced. Obviously, opposite results are associated to ugliness and foreign people. In this context, our estimates clearly suggest that being a stranger does not help one to obtain a job in Italy. In fact the percentages of callbacks are often very small. This is true especially for men, with the only exceptions of elementary or hard jobs.
Our results are consistent with the findings of Lopez Bóo, Rossi and Urzua (2013), who performed an empirical strategy based on a similar experimental approach: they sent fictitious resumes with pictures of attractive and unattractive faces for real job openings in Buenos Aires, Argentina. The results of our estimation suggest that attractive candidates should attach a photograph to their resumes when have the opportunity to do so, since including it increases the probability to be called for interview by about 30%. Unattractive candidates, on the other hand, should not attach a photograph to their resumes since an unattractive picture decreases the probability of receiving a callback by about 5%. Our evidence is even more striking because the difference between responses to applications with no photo and unattractive applicants is even higher. Thus, we can conclude that, when attractiveness is a feature required by the job, women have an advantage over men. However, in this case an unattractive woman is more discriminated than an unattractive man. Indeed, an unattractive woman has no chance of being called back to interview for an executive task.
Concluding remarks
In our analysis we used a field experiment based on real job on-line openings in Italy to test the existence of either a beauty, gender or/and racial premium at the early stage of job search. The sample we analyze consists of observations collected in response to advertised job postings after sending 9680 CVs to firms looking for workers.
Comparing the response rates for different categories, we obtained the following results: attractive subjects are those who receive the highest number of positive answers; both unattractive and foreign candidates obtained lower callback rates. Attractiveness is quantitatively more important for women than for men: attractive Italian women have higher callback rates than unattractive or foreign women. This discrepancy is greater than in the case of men. Moreover, generally an unattractive woman receives fewer offers than an unattractive man, but this is not true for all the examined kinds of jobs. Most responses to unattractive subjects involve low-skilled jobs. Beauty appears to be essential for front office and executive jobs, while unattractiveness appears to strongly reduce chances also for clerical jobs. This effect is more pronounced for women.
Racial discrimination also appears to be substantial. For women it is less prominent than discrimination based on physical features. Instead, the racial discrimination applies for men because the estimated percentages of callbacks are generally very low, especially for "soft" or highly qualified jobs. Conversely, unattractive or foreign men have a higher probability of receiving a callback if they apply for a hard and poorly qualified activity.
In conclusion, attractiveness is relevant to almost all kinds of jobs, also to those that require high qualifications (managerial and specialized). In these cases, women have an advantage over men. By contrast, unattractive candidates receive a sizable number of callbacks only when they apply for low-skilled jobs that require no contact with people. In other words, it seems that a woman wishing to find a good job in Italy has to be attractive, while an unattractive woman, even if she is highly qualified, has little chance of getting a highly-skilled job, at least if she applies on-line and attaches a photo.
For foreigners, the probability to find a job in Italy is greater for women, with the exception of several job categories such as services, elementary and hard work for which men are preferred. Foreign men are taken into consideration only in the cases of hard or low skilled works. Table 5 : Estimated Probit models 
